KOBENHAVNS UNIVERSITET

DEPARTMENT OF COMPUTER

SCIENCE

BACKGROUND

Effective lung cancer screening requires accurate characterisation of lung nodules in

The learned semantically meaningful reasoning space
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derive their decisions - Reasonable separability in both malignancy and nodule attributes

« &4 The additional annotation needs still limit the applicability of this approach * Intuitive correlation between nodule attributes and malignancy
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METHOD

Aim: to jointly utilise the extracted features, annotations, and unlabelled data
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github.com/diku- dk/credanno

RESULTS

Performance of explanation and prediction

Malignancy
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Annotation exploitation mechanism:

« Sparse seeding: cluster centroids

« Semi-supervised active learning: uncertainty sampling & pseudo labelling
« Quenching: update pseudo labels & reinitialise the weights
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https://github.com/diku-dk/credanno

	Self-explanatory �lung nodule diagnosis �can be more trustworthy,�even with 99% annotation reduced.

